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Abstract

This paper studies how a “preference for consistency” can affect economic decision-making. We

propose a three-period model of decision-making where people have a preference for consistency

because consistent behavior allows them to signal personal and intellectual strength. This creates a

trade-off between choosing according to their updated beliefs and reputational concerns. We then

present three experiments that study main predictions and implications of the model. The first

experiment is a simple principal-agent game that tests the basic logic of the model. In the main

treatment agents solve an estimation task twice and are paid for accuracy. Principals observe the

difference between the two estimates and select an agent for a third estimation task. Agents who

are selected win a prize and engage in a third estimation task. In the control condition agents only

solve the first two estimation tasks. In line with the model, principals select more consistent agents.

Anticipating this, agents’ estimates are much more consistent in the main compared to the control

treatment. The second experiment studies the role of early commitment. In a simple estimation task

we show that subjects disregard valuable information when they have committed to a first statement.

Compared to a control condition without early commitment, subjects’ estimates are further away

from the correct value, implying lower earnings. The third experiment investigates consistency as a

potential source of social influence. The decision context in this experiment is donations to charitable

organizations. In the main condition subjects state hypothetically how much they would donate, prior

to their actual decision. The hypothetical question is part of a survey. In the control condition subjects

complete the same survey except for the hypothetical donation question. When asked hypothetically,

participants give biased answers. We show that, in line with the model, this bias carries over to

actual donation behavior due to participants’ taste for consistency. The experiment suggests that

preferences for consistency can be a powerful channel of social influence.

1 Introduction

The desire to be and appear consistent is a powerful determinant of human behavior. Once we have

made a decision or taken a stand, we often experience a strong pressure to live up to that commitment.

In this paper we study how preferences for consistency can affect economic decision-making. In a first

step we develop a simple model that specifies motives and conditions that lead to consistent behavior.
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This allows predicting the role of consistency in different decision contexts. In a second step we provide

results from three experiments that test main predictions and implications of the model.

Our model is built on the notion that consistent behavior is associated with “personal and intellectual

strength.” (Cialdini, 1984). Evidence from social psychology suggests that while consistency signals

positive personality traits, inconsistent behavior is generally viewed as an undesirable personality trait

(see Asch, 1956 or Allgeier, Byrne, Brooks and Revnes, 1979). Inconsistent beliefs, words or deeds

are often indicative of confusion or even mental illness. In the model decision-makers signal positive

traits when acting consistently. They repeatedly face the same choice problem but are uncertain about

their preferred outcome. Before taking a decision, they receive signals about their preferred outcome.

Decision-makers differ with respect to the strength of signals they receive. The stronger the signals, the

better they know their preferred outcome and the higher is their personal and intellectual strength. On

the opposite, decision-makers with low personal and intellectual strength receive rather weak signals.

Regarding behavior over time, personal and intellectual strength is associated with consistent choices.

We assume that decision-makers’ utility consists of two parts, a “standard” part reflecting material

concerns and a reputational part capturing decision-makers’ image concerns. They like to be perceived

as intellectually strong. This creates a trade-off between choosing according to their updated beliefs and

reputational concerns. We show that in a fully separating perfect Bayesian equilibrium decision-makers

display preferences for consistency because consistent behavior allows them to signal high personal and

intellectual strength. The model allows several interpretations. The value of signaling can be interpreted

as hedonic, i.e., people like it if others think positively about them, or as strategic in the sense that

people expect benefits from future interactions. Depending on context the signaling of strength is related

to ability and knowledge, strong identity and personality or predictability and reliablilty. Finally, the

recipient of the signal can be other people but also the decision-maker himself. In this case the decision-

maker learns about himslelf by observing what he does (e.g., as in Bénabou and Tirole, 2006 ).

In the second part of the paper we report evidence from three decision experiments. The first exper-

iment tests the basic logic of our model in a simple principal-agent framework. In the main treatment

agents solve two estimation tasks and are paid for accuracy. The correct estimation result is the same

in both tasks and both, agents and principals, know this. Principals are randomly matched with two

agents. They observe the difference between the two estimates for both agents and select one of the two

for a third estimation task. Principals are paid according to accuracy of the selected agent in the third

estimation task. Therefore, they have an incentive to select the agent they believe is most able. Agents

who are selected win a prize and engage in the third estimation task. Selection decisions of the principals

inform us whether they value consistent behavior. In order to examine whether agents actually estim-

ate more consistently we need to study a control treatment without principals. Agents in the control

treatment simply perform the two estimation tasks, i.e., there is no reputational value of consistency.

The results support the model’s predictions: Agents who estimate more consistently have a significantly

higher chance of being selected by principals. Anticipating the value of consistency, agents’ estimations

in the main treatment are much more consistent than in the control treatment.

The second experiment studies the role of early commitment for the preference for consistency. In-

tuitively, actively committing to an opinion, belief, intention or action is a precondition for observing

consistent or inconsistent behavior. Without commitment, i.e., without taking a stand or an action, ob-

servers will not be able to detect possible inconsistencies. Therefore, a decision-maker is not constrained
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by reputational concerns and can maximize utility without taking potential reputational costs into ac-

count. We test this model prediction in a simple estimation context. In two treatments subjects have

to perform an estimation task and receive valuable information regarding the solution of the task. In

the main treatment, subjects commit to a first estimate prior to receiving the helpful information and

without knowing that they will later receive it. After they have received it they are free to revise their

first estimate. In the control treatment, no prior commitment is made. The model predicts that in the

main treatment, subjects will want to act consistently with their prior commitment. Therefore they will

respond less strongly to the valuable information in comparison to the control treatment. Our findings

support this prediction. The deviation of the final estimate from the valuable information is significantly

higher in the main treatment than in the control treatment. Thus, the prior commitment makes subjects

neglect valuable information leading to lower payoffs.

In the third experiment we examine the role of consistency preferences as a means of social influence.

The trick is to “tempt” a person to make a biased statement. In a second step he or she is confronted with

a request related to that statement and the pressure to live up to it. This way of influencing behavior

is also known as the foot-in-the-door technique. Given that the first statement involves no or only low

costs it is relatively easy to provoke biased statements. The preference for consistency will make the

person want to live up to the biased statement and act against his or her actual interest. We test this

prediction in the context of pro-social decision-making. Subjects decide on how much money they want

to donate to some charity organization. We study two treatments: in the main treatment subjects are

asked how much they would - hypothetically - donate if they were asked, prior to their donation decision.

In the control treatment this question is not asked. The model predicts that due to the preference for

consistency, biases in prior statements (how much would I donate?) should carry on to later choices

because people feel a pressure to act consistently with the biased statement. Our results confirm this

hypothesis. Donations in the main treatment significantly differ from donations in the control treatment,

demonstrating the role of consistency as a means of social influence.

Our work is related to a large literature in social psychology. Cialdini, 1984 has put forward the

idea that consistency is a signal of personal and intellectual strength. “It is at the heart of logic, ra-

tionality, stability and honesty.” (Cialdini, 1984). Cognitive dissonance theory offers another explanation

for consistency preferences as consistent behavior helps people to avoid cognitive dissonances. The first

theoretical foundation of that concept is developed in Heider, 1946, Newcomb, 1953 and Festinger, 1957.

Yet another potential explanation for a taste for consistency can also be found in Cialdini, 1984, i.e.,

costs of thinking. If thinking is costly, consistent behavior offers a straightforward way to avoid these

costs. Several interesting psychological experiments examine the consequences of consistency preferences

for behavior. Famous examples are Freedman and Fraser, 1966 and Sherman, 1980 who analyze the

effectiveness of the foot-in-the-door technique in different experiments. Cialdini et al., 1978 examine how

the taste for consistency can be used to influence behavior via another channel, the so-called low-ball pro-

cedure. This technique aims to gain commitment to an action by not fully revealing its true consequences,

for example costs. After commitment is reached, true consequences are revealed but the desire to appear

consistent makes people stick to their commitment. While all these experiments offer fascinating insights

into human behavior, they lack the standards of economic experiments, such as sufficient monetary in-

centives and no deception of subjects. In the economics literature Eyster, 2002 and Yariv, 2005 have

put forward models of consistent choice. They assume that preferences for consistency are rooted in the

desire to avoid cognitive dissonance. In Eyster, 2002 people try to rationalize past mistakes by taking
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current actions that justify these mistakes, thereby reducing cognitive dissonances. Yariv, 2005 proposes

a model where people reduce cognitive dissonance by sticking to beliefs under which past choices were

opitimal. Different to their approaches our model focuses on the value of signaling and the role of public

reputation. Ellingsen and Johannesson, 2004 and Vanberg, 2008 refer to the taste for consistency as a

possible reason for why people incur costs of lying. Regarding the modeling approach, our model is based

on the model by Prendergast and Stole, 1996.

The remainder of the paper is organized as follows: In the next section we introduce our model. In

section 3 we present the three experiments. Section 4 concludes.

2 The Model

In the model we formalize the intuition that “... a high degree of consistency is normally associated with

personal and intellectual strength.” (Cialdini, 1984). To do so we modify the model of Prendergast and

Stole, 1996. In the model, a decision-maker repeatedly chooses from a choice set but is uncertain about

his preferred outcome. He receives a signal about his preferred outcome every period. Decision-makers

differ in the strength of the signal they receive. The higher personal and intellectual strength the more

precise are the signals. Therefore strength is associated with consistent behavior. Since decision-makers

aim at having a reputation for personal and intellectual strength they display preferences for consistency

because acting consistently behavior allows them to signal strength.

2.1 Baseline Model

There are three periods, t = 0, 1, 2. In periods 1 and 2, a decision-maker (D) chooses xt from a choice

set X = (−∞,∞) in public. D has a unique preferred outcome µ ∈ X, which he is uncertain about. In

period 0, D and the public are holding an uninformative prior on µ.1 In periods 1 and 2, before making

his choice, D privately receives a signal about µ, mt = µ+ εt, εt ∼ N(0, σ2).

There are different types of decision-makers who differ in the strength of their signals σ. σ is D’s

private knowledge, but is commonly known to be drawn from a uniform distribution over [σ, σ]. Thus

[σ, σ] defines the type space in our model. σ represents D’s personal and intellectual strength. It is

decreasing in σ.

Upon receiving a signal mt, D updates his beliefs about µ following Bayes’ rule. Since the period 0

prior is uninformative, D’s updated period 1 belief is completely based on the signal he received in period

1, m1. Accordingly, the updated expectation on µ in period 1 is µ̂1 = E(µ|m1) = m1. The variance of D’s

updated period 1 belief is V ar(µ|m1) = σ2. In period 2, D receives an additional signal m2 and updates

again. Since signals in both periods are of equal strength, the updated period 2 expectation about µ is

µ̂2 = E(µ|m1,m2) = 1
2m1 + 1

2m2. The variance of D’s updated period 2 belief is V ar(µ|m1,m2) = 1
2σ

2.

In periods 1 and 2, the decision-maker chooses xt in order to maximize utility. D’s utility function

has two components. The first is “standard” outcome-based utility. Decision-makers want to minimize

the quadratic distance between xt and µ

1Technically we assume that the prior is normally distributed with variance τ2, where τ → ∞.

4



−(xt − µ)2. (1)

Thus, standard utility is always maximized by choosing xt = µ.

The second component of utility is reputational concerns. Decision-makers like if the public perceives

them as receiving strong signals, i.e., as having high personal and intellectual strength. An alternative

interpretation of the reputational concern is a desire for a positive self-image (similar as in Bénabou and

Tirole, 2006). In this case decision-makers receive a perfect signal about their personal and intellectual

strength prior to their decision. Thus, when deciding they know their strength. However, for their

self-assessment, the signal is not available, e.g., due to reasons of imperfect recall. Since actions are

easier to recall than signals, decision-makers use past actions for their self-assessment. Thus the model

is compatible with the intuition that people care about their self-image and construct self-image based

on past actions. In the following we describe the model mostly in terms of public reputation but always

mean to include a self-signaling interpretation. Reputational concerns are expressed by

−α(E(σ |xt, ht−1)). (2)

E(σ |xt, ht−1) denotes the public’s (or D’s) expectation of D’s σ, conditional on D’s choice xt and the

history of choices ht−1 if such a history exists. The parameter α specifies how much D cares about his

reputation. Differences in α might reflect, e.g., the size of the public, the social distance between D and

the public, or the strategic value of reputation. In labor relations, e.g., signaling higher abilities may lead

to higher wages and promotion. Alternatively, α could reflect a hedonic value of reputation in the sense

that people simply enjoy being regarded as intellectually and personally strong.

Putting these two components together, in periods 1 and 2, D solves the following maximization

problem, facing a trade-off between maximizing outcome-based utility and gaining reputation:

max
xt

Ut = −(xt − µ̂t)2 − α(E(σ |xt, ht−1))(3)

Note that we assume myopic, non-forward looking behavior. Decision-makers are not anticipating

period 2 decisions when deciding in period 1. This can be justified in two ways. First, we are interested

in situations where future decisions are not anticipated and believe that this is quite common. Second,

and more importantly, the model goes through if decision-makers are actually forward looking. The

reason is that given a normally distributed signal in period 1, the learning direction is unknown. It is

therefore unclear how to improve in terms of consistent behavior even in situations where the decision-

maker anticipates future decisions.

2.2 Equilibrium

We now turn to equilibrium behavior. The problem we consider is one of signal-extraction. In line with

this class of models we focus on separating equilibria.

In periods 1 and 2, D receives a signal mt, updates his beliefs µ̂t and makes a choice xt that maximizes

(3). The public only observes D’s actions xt and subsequently forms beliefs about the decision-maker’s
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type σ. Notice from (3) that D’s optimal choice xt only depends on his current belief µ̂t and the history

of actions ht−1. From this it follows that in equilibrium, we necessarily have pooling of all types of

decision-makers (type space [σ, σ]) who hold the same belief µ̂t and share the same history ht−1. We

therefore transform the typespace. A type is now defined by the choice history ht−1 and the current

belief µ̂t. For the new typespace, we can state the definition of a fully separating Perfect Bayesian Nash

Equilibrium (PBE).

Definition: x∗t (µ̂t, ht−1), µ̂∗t (xt, ht−1) (where µ̂∗t is the public’s (or according to the self-signaling

interpretation, D’s own) belief about µ̂t) is a fully separating Perfect Bayesian Equilibrium iff ∀ht−1,

x∗t ∈ argmax
[
−(xt − µ̂t)2 − α(E(σ |µ̂∗t (xt, ht−1), ht−1))] and µ̂∗t is the inverse of x∗t over µ̂t.

The equilibrium consists of two functions, x∗t (µ̂t, ht−1) and µ̂∗t (xt, ht−1). x∗t (µ̂t, ht−1) describes equi-

librium behavior of the decision-maker conditional on the beliefs he holds, and µ̂∗t (xt, ht−1) denotes the

public’s beliefs about µ̂t, which will be correct in equilibrium. The equilibrium fully separates decision-

makers with different beliefs, conditional on the choice history ht−1. Thus, the public can form its

expectations of D’s σ directly from D’s beliefs - E(σ | µ̂t, µ̂t−1).

We now consider equilibrium behavior in periods 1 and 2 in more detail:

Period 1

In period 1, there exists no choice-history. Thus, the public can form its expectation of σ solely based

on µ̂1, which it infers from the observation of x1. However, by only observing x1 or µ̂1, respectively, the

public gains no additional knowledge regarding the type of the decision-maker σ. The prior, that σ is

uniformly distributed on [σ, σ], remains unchanged. In other words, we have

∂E(σ |µ̂1)

∂µ̂1
= 0.

From the perspective of the decision-maker this means that D cannot affect his reputation. As a

consequence, he simply maximizes outcome-based utility by choosing x∗1 = µ̂1. The public observes D’s

choice and correctly infers the signal he or she received, i.e., µ̂∗t (x1) = µ̂1.

Period 2

In period 2, the decision problem is more involving. From observing D’s period 2 choice, the public

now learns something about D’s personal and intellectual strength. Thus when deciding on x2 D now

takes into account possible reputation effects. We will show that in order to signal strength, D chooses

x2 consistently with his period 1 choice. In other words, he picks a period 2 choice which, regarding

outcome-based utility, is suboptimally close to his or her period 1 choice.

We start by describing the updating process of the public regarding D’s personal and intellectual

strength. In a fully separating equilibrium, the public is able to infer the true beliefs µ̂t D is holding

from his choices. The public’s expectation on σ in period 2 therefore depends on µ̂1 and µ̂2. For this

expectation, we can show that the following Lemma holds.
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Lemma 1: For the expectation of σ, the following holds: ∂E(σ|µ̂1,µ̂2)
∂µ̂2

> (<)0 if µ̂2 > (<)µ̂1.

Lemma 1 states that the public’s belief about σ increases in the distance between D’s beliefs in periods

1 and 2. Put differently, the closer µ̂1 and µ̂2, the stronger is the signal of personal and intellectual

strength. In equilibrium, D will therefore signal strength by choosing x2 close to x1, i.e., by acting as if

his beliefs in period 1 and 2 were close to each other. This is stated in Proposition 1.

Proposition 1: If α is not “too large”, i.e., supµ̂2
α∂

2E(σ|µ̂2,µ̂1)
∂µ̂2

2
< 1

4 , there exists a unique fully

separating Perfect Bayesian Equilibrium in period 2, where µ̂2 > x∗2 > µ̂1 or µ̂2 < x∗2 < µ̂1.

Proposition 1 states the main result of our model, that decision-makers have a preference for consistent

behavior. In period 2, decision-makers do not simply maximize standard outcome-based utility. Instead,

they take decisions in between their period 2 belief and their period 1 choice. They act more consistently

with their period 1 choice in order to signal high personal and intellectual strength. Thus, in equilibrium,

they are willing to sacrifice outcome-based utility to increase their reputational utility.

The result of Proposition 1 is mainly driven by D’s reputational concerns. The following Lemma

states that D’s preference for consistency is more pronounced, the larger D’s reputational concern is.

Lemma 2: Consider the fully separating PBE for a given reputational concern α1 and signals µ̂1 and

µ̂2. Compare this with the fully separating PBE for α2 > α1 and the same signals µ̂1 and µ̂2. Then the

following inequality holds: µ̂2 > x∗2(α1) > x∗2(α2) > µ̂1 or µ̂2 < x∗2(α1) < x∗2(α2) < µ̂1.

2.3 Reduced Version of the Model

In the following we briefly describe a reduced and simplified version of the model, where we directly

assume a taste for consistency. This model can be used to analyse the consequences of a taste for

consistency in complex economic environments in a straightforward way. We derive hypotheses for our

experiments from this model.

Again there are three periods, t = 0, 1, 2. In periods 1 and 2, the decision-maker chooses xt from

a choice set X = (−∞,∞). D has a unique preferred outcome µ ∈ X, which he is uncertain about.

In period 0, D and the public are holding an uninformative prior on µ. In periods 1 and 2, before

taking a decision, D privately receives a signal on µ, mt = µ + εt, εt ∼ N(0, σ2). D updates his beliefs

following Bayes’ rule. Consequently, period 1 belief is µ̂1 = E(µ|m1) = m1. In period 2, we have

µ̂2 = E(µ|m1,m2) = 1
2m1 + 1

2m2.

We directly assume a taste for consistency in D’s utility function. If a choice history ht−1 exists, D

wants to be consistent with this history. D solves the following maximization problem:

max
xt

Ut = −(xt − µ̂t)2 − α(xt − ht−1))2.

As in the main model α specifies how much D cares about reputation.

If no choice history exists, D simply solves:

max
xt

Ut = −(xt − µ̂t)2.
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It is straightforward to derive behavior in periods 1 and 2. In period 1 there is no choice history.

In the absence of past choices to be consistent with, D simply chooses x∗1 = µ̂1. In period 2, D faces a

trade-off between being consistent with the period 1 choice and following the updated period 2 beliefs.

Consequently he will choose µ̂2 > x∗2 > µ̂1 or µ̂2 < x∗2 < µ̂1 respectively.

3 Experimental Evidence

In this section we present evidence from three experiments designed to test main predictions and implic-

ations of the model. In particular we address the following issues: First, we study the signal value of

consistent behavior in the context of a simple principal agent game. We test whether principals reward

consistent behavior and whether agents anticipate this. In the second experiment we investigate the role

of commitment. The idea is that without explicit commitment to some point of view, statement or inten-

tion, inconsistencies are impossible to detect and consequently consistency is less important. Our third

experiment demonstrates the importance of consistency preferences for social influence and manipulation.

3.1 Experiment 1: The Value of Consistency

Design: The first experiment tests the basic logic of our model. The central assumption is that consistent

behavior is viewed positively as it signals ability, personal strength or reliability. In the experiment the

decision context involves a simple estimation task. We test whether principals infer higher ability from

more consistent estimates and whether agents anticipate this.

We study two treatments. In the main treatment, upon arrival, subjects were randomly assigned to

the roles of principals and agents.2 In each session there were twice as many agents than principals.

Subjects were seated in separate rooms according to their roles. The experiment involved two stages. All

subjects were informed about both stages at the beginning. In the first stage, agents had to perform two

estimation tasks. The task was to estimate how many times the letter “e” appeared in a text with 1966

letters. In both texts the number of e’s was identical and agents and principals were informed about this.

The correct number was 233.3 Subjects saw the first text for 60 seconds on their computer screen. Then

they had 60 seconds to state their estimate about the number of e’s (first estimate). Without getting any

feedback on the first task, agents then saw the second text for 60 seconds. Again they had 60 seconds

to provide their estimate for the second text (second estimate). Subjects were paid for accuracy. For

both estimates the following rule applied: The maximum profit for each estimate was five Euro, which

the agent received if his or her estimate was less than 1 percent above or below the correct number. For

every percentage point the estimate deviated from the correct number, 10 Cents were deducted. If the

estimate was more than 50 percent above or below the true value, profits were zero. Negative earnings

were not possible.

After all agents had completed their two estimates, the second stage began. Two agents were randomly

assigned to one principal. The decision of the principal was to select one of the two agents for a third

estimation task, which was known to be similar to the first two estimation tasks. The principal was paid

2In the experiment, we used a neutral framing, i.e., subjects were called “participants A”, and “participants B”, respect-

ively.
3The two texts are shown in Appendix A.
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according to the precision of the estimate in this third task. Thus principals had an incentive to select the

agent who they thought is most able in the estimation task. For their decision, principals were informed

about the absolute difference between the first and the second estimate for both agents assigned to them.

This information was provided on an answer sheet.4 Note that we did not display the four single estimates

of the two agents. The reason is that this would have allowed principals to use one agent’s estimates

to infer something about the other agent’s strength. Formally, the two estimates of agent 1 are a signal

about the true preferences of agent 2, given that both have the same preference (they want to estimate

the identical number). If principals observe this signal, agent’s 2 estimates reveal different information

about σ than in the absence of that knowledge. Therefore we decided only to provide absolute differences

between estimates to the principals, thereby only allowing the kind inference on σ that is captured by

our model.

On their answer sheet principals had to select “their” agent. The third task was to estimate how

many times the letter “a” appears in a text of again 1966 letters. Principals were paid according to the

accuracy of the selected agent’s third estimate. The maximum payoff was ten Euro, which was paid if the

agent’s estimate was less than 1 percent above or below the correct number. For every percentage point

the estimate deviated from the correct number, 20 Cents were deducted. If the estimate was more than

50 percent above or below the correct value, the principal’s payoff was zero. Agents had an incentive to

be selected and to estimate as precise as possible in the third task. For being selected they received a

prize of 10 Euro. In addition, they were paid according to accuracy where payment was identical to the

payment scheme in the first two estimates.

Principals’ selection decisions inform us about the potential value of estimating consistently. However,

to examine whether agents anticipate this and actually behave more consistently we need an additional

treatment that eliminates (or reduces) the importance of the reputational concern for consistency. This

is what we do in the control treatment. The control treatment is simply the first stage of the main

treatment, i.e., agents estimate how many times the letter “e” appeared in the texts used in the main

treatment. The payoff scheme for the two tasks was identical to that in the main treatment. Comparing

behavior between the two treatments informs us whether agents anticipate the value of consistency and

therefore behave more consistently in the main treatment.

Procedural Details: A total of 168 subjects participated in six sessions. In the main treatment, 64

subjects participated as agents and 32 as principals. 72 subjects participated in the control treatment.

Subjects were mostly students from various fields at the University of Bonn. No subject participated in

more than one session. The experiment was run using the experimental software z-Tree (Fischbacher,

2007). The principals took their choice on an answer sheet. Sessions lasted on average about 60 minutes

in the main treatment and 45 minutes in the control treatment. Average earnings were 12.90 Euro for

principals and 12.06 Euro for agents, including a show-up fee of eight Euro for principals and four Euro

for agents. (One Euro was worth about 1.35 USDollar at the time).

Note that subjects were neither paid nor informed about the correct solution of the estimation task

before all sessions had been concluded (main and control treatment). This was done to avoid the pos-

sibility that feedback concerning the correct result of the estimation tasks would spread and confound

results. In order to receive their payments, subjects were asked to go to the experimenter’s office.

4Information was given in an anonymous way, i.e., principals could not link information to actual subjects in the

experiment.
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Hypotheses: Given that there is a value of consistent behavior, agents who estimate more consist-

ently (low absolute difference between estimates) should have a higher probability of being selected by

principals. If agents anticipate this, estimates should be more consistent in the main treatment compared

to the control treatment. Formally, the treatment variation of our experiment corresponds to a change

in the reputational concern α. In their first estimate, subjects simply answer according to their beliefs,

i.e., x1 = µ̂1. For their second estimate, subjects face a trade-off between acting according to their up-

dated belief or estimating more consistently with their first estimate. The solution to their maximization

problem is simply

x2 =
1

1 + α
µ̂2 +

α

1 + α
x1.

It immediately follows that an increase in α leads to more consistent behavior, i.e., the absolute

deviation between x2 and x1 should be smaller in the main treatment, compared to the control treatment.

Together with the assumption that consistent behavior signals ability we state our predictions as follows:

Note that we do not model the tournament directly. In the experiment we implemented a tournament

incentive structure where agents win a prize if they outperform the other agent. Thus, on an individual

level, optimal behavior in the main treatment is likely to depend on an agent’s belief about the other

agent’s choice and ability. For our purposes however it is sufficient to take the tournament incentives as a

strategic value of behaving consistently which is not present in the control treatment. In other words the

experiment can be thought of as capturing a situation where α represents a strategic value of consistency,

for example in a labor market context. In this sense, we test whether consistent behavior signals ability

and is rewarded with higher pay or promotion and if this reward is anticipated.

Hypothesis 1 (i) The likelihood that an agent is selected by a principal decreases in the absolute

difference between first and second estimate. (ii) The absolute difference between first and second

estimate is smaller in the main treatment compared to the control treatment.

Results: The first result concerns the selection decisions of principals. In line with our hypothesis,

a higher absolute difference between the two estimates decreases the likelihood of being selected. Figure

1 shows that the likelihood of being selected is about 70 percent for differences between zero and five

and decline for larger differences.5 For differences larger than 31, e.g., the likelihood drops to about 22

percent. The decrease in likelihood is significant as a simple Probit regression shows. When we regress

the probability of being selected on the absolute differences between the estimates we get a negative and

significant coefficient (p-value <0.01). The marginal effect is -0.012, indicating that an increase in the

absolute difference of one point decreases the likelihood of being selected by about 1.2 percent. Further

evidence comes from the observation that among all principals 75 percent select the agent with the smaller

absolute difference. A simple binomial test rejects the null hypothesis that principals randomized with

equal probability (p-value <0.01). 6

We now turn to agents’ behavior. The correct answer for both estimations was 233. Using all estimates

(main and control treatment), the average first estimate was 220.57 while the average second estimate

5All figures are shown in section 6.
6In those 25 percent of the cases where agents did not select the agent with smaller difference in estimates, it was

usually the case that the smaller difference was extremely small (0,1 or 2). We speculate that very small differences between

estimates may have created some conspiciouscy among principals.
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was 215.64. The variance in estimates was rather high. The standard deviation of all estimates in the

first task was 83.29, in the second it was 74.39. At the end of the experiment, we asked agents in the

control treatment to briefly describe their estimation strategy for the two estimation tasks.7 Almost all

decision-makers who answered the question described a similar procedure. First they counted the number

of e’s for a couple of rows. Then they counted the total amount of rows in the text and projected the

total number of e’s in the text.

Consistent with our model, in the control treatment, smaller differences between estimates do in fact

reflect differences in estimation ability. More consistent agents are more able: The correlation between

absolute difference in estimates and precision of estimates (measured as the sum of abslolute distance

between first estimate and true value and second estimate and true value) is strong and significantly

positive (corr. coefficient is 0.429, with p-value <0.001)). Thus using the difference between the estimates

as a signal of ability is in general justified. Note, however, that differences in estimates do not coincide

with better precision in the main treatment. In a separating equilibrium this is what we would expect.

One way to interpret this finding is that incentives to signal consistency were so strong that the equilibrium

is better characterized as a pooling rather than as a separating equilibrium. It would be interesting to

test this idea by gradually reducing the value of α, e.g., by reducing the value of the prize selected agents

receive.

Given principals’ behavior and the fact that being selected was associated with a relatively large prize

(10 Euro plus earnings from a third estimate), the model predicts that agents chose more consistently in

the main compared to the control treatment. This is in fact what we find. Figure 2 shows scatterplots

of first and second estimates. The left panel displays observations from the control treatment, the right

panel from the main treatment. While estimates are correlated in both treatments, it is obvious that

the correlation is much tighter in the main treatment, i.e., that decisions are much more consistent. The

correlation coefficients are 0.37 in the control treatment and 0.94 in the main treatment, respectively.

Figure 3 shows a histogram of absolute differences between the two estimates for both treatments. While

about 70 percent of agents report an estimation difference below 15 in the main treatment the respective

number is only 25 percent in the control treatment. More than 40 percent of agents in the control

treatment indicated differences larger than 30 while less than 15 percent do so in the main treatment.

The average absolute difference between estimates in the control treatment is 53.8 (std. dev. 70.5) while

it is only 17.3 (std. dev. 23.2) in the main treatment. This difference is significant at any conventional

level (p-value < 0.0001, using either Wilcoxon rank-sum test or simple OLS regression, regressing the

absolute difference on a constant and a treatment dummy).

We summarize our main results as follows:

Result 1 The likelihood of being selected decreases in the absolute difference between the two

estimates. Agents anticipate this. As a consequence, the absolute difference between first and second

estimate is significantly lower in the main treatment, compared to the control treatment.

7The question we asked was the following: “Please briefly describe how you proceeded in the two estimation tasks. How

did you get to your estimation results?”
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3.2 Experiment 2: The Role of Commitment

Our second experiment studies the role of early commitment. Intuitively, actively committing to an

opinion, belief, intention or action is a precondition for observing consistent or inconsistent behaviors.

Without commitment, i.e., without taking a stand or an action, observers will not be able to detect

possible inconsistencies. Therefore, a decision-maker is not constrained by reputational concerns and can

maximize utility without taking a reputational cost into account. In contrast, once we have committed

to an opinion or belief, we cannot easily change our mind without revealing some inconsistency. We test

this intuition and prediction of the model in the context of an estimation task and show how commitment

to an opinion can make people disregard valuable information.

Design: To investigate the importance of commitment we study two treatments, one with commit-

ment (main treatment) and one without (control treatment). The different steps of the experiment are

illustrated in Figure 4. The main treatment is shown in the upper panel of Figure 4. First, subjects

were explained the task: Subjects had to estimate the number of peas in a bowl.8 Subjects were paid

according to the precision of their estimate. If their estimate was less than 5 percentage points above

or below the true value of 3000, subjects earned 10 Euro. For every 5 percentage points, the estimate

deviated from the true value, we deducted 50 Cents. For example, a subject whose estimate deviated

17 percent from the true value earned 8.50 Euro. Negative earnings from the estimation task were not

possible.

Subjects were seated around a table, which was placed in the middle of the lab.9 After subjects

knew about the task the bowl was shown. The bowl with peas was placed in the middle of the table.

Subjects were told that they had as much time as they wanted to estimate the number of peas. They were

asked to write down their estimate on an answer sheet that had been distributed at the beginning of the

experiment. As soon as a subject indicated that he or she had written down an estimate, the experimenter

went to the subject and copied the subject’s estimate into a table. This means that subjects had written

down their first estimate and knew that the experimenter knew this estimate. At this point, subjects

had commited to their first estimate. After all subjects had stated their estimates, the experimenter

announced that he would now provide subjects with additional and “helpful” information regarding the

estimation task. Each subject received an information sheet containing the following sentence. “In the

past it has often been the case in various estimation tasks, that the average estimate of all participants

is often relatively close to the true value. The estimation task you are facing has also been conducted

with a different group of participants. They have also been paid according to precision of their estimates.

The average estimate of the number of peas in the bowl of this group was 2615. If you want to, you can

now revise your estimate.” After they received the information sheet, subjects had time to revise their

information on their answer sheet. After all subjects had indicated that they had specified their final

estimate, the experimenter collected their answer sheets and the estimation task ended.

The additional information we provided to subjects was based on a separate experiment we had

conducted with 61 different subjects. They faced the same estimation task and were also paid according

to the precision of their estimates. The average estimate of that group was 2615. In the results section

we show that the additional information was in fact valuable to subjects.

8A picture of the bowl is shown in Appendix A.
9Subjects were seated sufficiently far away from each other, such that they could not see what other subjects were writing

down.
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Figure 4: Timing of the experiment

The only difference between main and control treatment was that in the control treatment subjects

did not state an estimate prior to receiving the valuable information (see lower panel of Figure 4 ). In

the control treatment, subjects saw the bowl with peas for some time prior to receiving the information

sheets. The time was approximating the time that subjects in the main treatment needed. During this

time subjects could form a belief about the correct number of peas. However, they did not write their

estimate down, nor did the experimenter get to know this estimate. In this sense, no commitment was

made. After subjects received the information sheets, they stated their estimate on an answer sheet.

After all subjects had provided their estimates, the experimenter collected the answer sheets and the

estimation task ended.

Procedural Details: A total of 54 subjects participated in four sessions, 28 in the main and 26 in

the control treatment. Subjects were mostly undergraduate students from various fields at the University

of Bonn. No subject participated in more than one session. The experiment was conducted paper and

pencil. Sessions lasted on average about 45 minutes. Subjects earned on average 12.31 Euro, including a

show-up fee of 5 Euro.

Subjects were neither paid nor informed about the correct solution of the estimation task before all

sessions had been concluded (main and control treatment). This was done to avoid the possibility that

feedback concerning the correct result of the estimation tasks would spread and confound results. In

order to receive their payments, subjects were asked to go to the experimenter’s office.

Hypotheses: In both treatments subjects see the bowl with peas and form a belief about the correct

number of peas. In terms of the model, they receive a signal m1, and form µ̂1 = m1 accordingly. When

asked to make a first statement, they will choose x1 = µ̂1. Then subjects receive valuable information,

an exogenous signal ms = µ + εs, εs ∼ N(0, σ2
s). They update beliefs following Bayes’ rule: µ̂2 =

E(µ|m1,ms) =
σ2
s

σ2
1+σ

2
s
m1 +

σ2
1

σ2
1+σ

2
s
mI . For their final choice x2, subjects now face the trade-off between

being consistent with their prior commitment and stating their updated belief. They will choose µ̂2 >

x∗2 > µ̂1 or µ̂2 < x∗2 < µ̂1 respectively, thereby partially neglecting valuable information. Compare this

with a situation where subjects receive exactly the same signals, but do not commit to a first opinion.

Then, when making their final choice x2, there is no prior commitment to be consistent with, and subjects

will decide based on their updated beliefs, i.e., x2 = µ̂2 =
σ2
s

σ2
1+σ

2
s
m1 +

σ2
1

σ2
1+σ

2
s
mI . Thus, without a prior

commitment, subjects are taking the valuable information completely into account when taking their final
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decision. Since the distribution of beliefs should be identical between treatments, we hypothesize that on

average, final estimates in the main treatment will be further away from the valuable information than

final estimates in the control treatment. In as much as information is actually valuable, final estimates

will also be closer to the correct solution in the control treatment compared to the main treatment,

implying higher earnings of subjects in the control treatment. We summarize our hypotheses as follows:

Hypothesis 2 The absolute difference between the final estimate and the information value of 2615

should be higher in the main treatment, compared to the control treatment. Since subjects in the main

treatment disregard valuable information, it follows directly that the quality of estimates and therefore

earnings are lower in the main than in the control treatment. Thus, on average, final estimates in the

main treatment will be further away from the correct value of 3000 compared to the control treatment.

Results: Pooling data from both treatments the average (final) estimate was 2552.5. The estimation

problem is very difficult and answers range from 500 to 5800. Accordingly, the variance was large as

indicated by a standard deviation of 1021.865. We chose a difficult task on purpose as it offers an ideal

context to provide subjects with helpful information. To show that the information was in fact valuable

we simply count the number of subjects in the main treatment whose estimate in the first estimation

was closer to 3000 than 2615. It turns out that this holds for only 5 out of 28 subjects. This means that

about 82 percent of subjects could improve their (first) estimate by simply choosing 2615 or by moving

in this direction.

We now turn to our main variable of interest, the absolute deviation between final estimate and

the information value of 2615. Figure 5 shows a histogram of estimates in intervals of 300 around the

information value. In the control treatment about 54 percent of all estimates are in the interval +/-300

around the information value. In contrast only about 28 percent of all estimates in the main treatment lie

within this interval. The figure also shows that extreme deviations from the information value are more

frequent in the main compared to the control treatment. On average, the deviation in the main treatment

is 464.13 points higher than in the control treatment. Related to the information value, this is a difference

of about 18 percent. The difference in deviations from the information value is statistically significant (p-

value < 0.07, using Wilcoxon rank-sum test or simple OLS regression, regressing the absolute difference

on a constant and a treatment dummy (p-value < 0.02)).

Figure 6 suggests that early commitment in the main treatment affects subjects’ final estimate. It

shows a scatterplot with subjects’ first and final estimates together with a line indicating the information

value 2615. The figure reveals that many subjects are either at or close to the 45-degree line indicating

a strong resistance to take into account new and valuable information. It also shows that if subjects

change, they change in the direction of 2615, as predicted by the model. The correlation between first

and final estimate is 0.53 (p-value < 0.004).

The disregard of valuable information is associated with a decrease in the quality of estimates and

earnings. On average, estimates in the main treatment are 512.46 points further away from the correct

value than estimates in the control treatment. The effect is statistically significant (p-value < 0.03, using

Wilcoxon rank-sum test or simple OLS regression, regressing the deviation from the true value on a

constant and a treatment dummy (p-value < 0.01)).

We summarize our results as follows:
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Result 2 Commitment is key: it induces subjects to act consistently at the cost of disregarding

valuable information and receiving lower payoffs.

3.3 Experiment 3: Social Influence

In our third experiment we address the issue of social influence. The idea is that given a preference for

consistency, it is possible to influence and manipulate people. The trick is to “tempt” a person to make

a biased statement. In a second step, he or she is confronted with a request related to that statement

and the pressure to live up to it. Given that the first statement typically involves no or only low costs,

it is relatively easy to provoke statements that do not necessarily reflect a person’s true preferences. As

a result the person may end up acting against his or her actual interest. This technique is also known as

foot-in-the-door and has been studied, e.g., in Freedman and Fraser, 1966 and Sherman, 1980.

Design: The decision context in this experiment is prosocial decision-making. Subjects’ decision is

how much money to donate to some charitable fund. To study the potential of influence we conduct two

treatments: in the main treatment subjects are asked how much they would donate if they were asked,

prior to their donation decision. In the control treatment this question is not asked. Due to the preference

for consistency, biases in prior statements (how much would I donate?) might carry on to later choices

because people feel obliged to act consistently with the biased statement.

In both treatments, the experiment started with a survey. Subjects did not know that they were

later asked to donate money. The survey consisted of 19 sub-questions and took about 10 minutes. The

survey included a short version of the so-called “Big Five” inventory (John et al., 1991) and the cognitive

reflexion test (Frederick, 2005). The only difference between the main and the control treatment was that

in the main treatment, we inserted one additional question, in between the “Big Five” and the cognitive

reflexion test. We asked subjects how they would hypothetically decide if they were asked to donate

money. The question reads as follows: “Imagine, in an experiment you received an amount of 15 Euro

in addition to your show-up fee. You had to choose, which part of the 15 Euro you want to donate to a

charitable organisation. You could choose between different organisations and could donate any amount

from 0 to 15. How much would you donate? Please give an amount between 0 and 15.” In the control

treatment, we removed this question from the questionnaire. After all subjects had completed the survey,

the donation experiment was announced.

In the donation experiment, subjects received an endowment of 15 Euro and had to decide how much

of the endowment to donate to a charity organisation, and how much to keep for themselves. They could

donate any amount from 0 to 15. In case they wanted to donate a positive amount, subjects could choose

their preferred charitable organizations: they could either choose from a list of 8 organizations, or could

name a charity organisation of their own.10

Note that the only difference between the two treatments was the hypothetical donation question.

Moreover, the question was not asked right before the actual experiment but was instead embedded in

a survey. The cognitive reflection test involves three questions related to intelligence and impulsiveness

and was used to introduce some distraction between prior statements and donation experiment. We also

did not remind subjects about their answers to the donation question when presenting the experiment.

10The list of organizations consists of very well-known and respected charities, Brot für die Welt, Kindernothilfe, German

Red Cross, Welthungerhilfe, BUND, Greenpeace, terre des hommes, Aktion Mensch.
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We therefore think that we implemented a fairly subtle treatment. It is possible that the effects reported

below would become stronger if we had either asked the question right before the experiment or reminded

subjects about their answers.

Procedural Details: A total of 64 subjects participated in four sessions, 32 in the main treatment

and 32 in the control treatment. Subjects were mostly undergraduate students from various fields at the

University of Bonn. No subject participated in more than one session. The experiment was conducted

paper and pencil. Sessions lasted on average about 40 minutes and subjects earned on average 13.50

Euro, including a show-up fee of 5 Euro.

Hypotheses: We hypothesized that subjects would give a biased answer when asked hypothetically

how much to donate to a charitable organization. In fact we were expecting them to overstate their

willingness to donate given that donating to charity is socially desired, and given that it was essentially

costless to signal positive characteristics. Note, however, that from the viewpoint of the model it makes

no difference whether they over- or understate their true willingness to donate. Any bias should carry

over to actual donation behavior. As a consequence, donations will differ between main and control

treatment.

To see this suppose a bias in the hypothetical choice in period 1. For example, subjects choose

x∗1 > µ̂1. 11 To focus on the role of the preference for consistency as a device for social influence, we

assume that subjects use the correct belief µ̂1 for Bayesian updating.12 In period 2, the actual donation

decision, subjects face the following choice-problem:

max
x2

U2 = −(x2 − µ̂2)2 − α(x2 − x∗1)2

They will choose x2, such that the following holds:

µ̂2 > x∗2 > µ̂∗1 or µ̂2 < x∗2 < µ̂∗1

From this it follows that E(x∗2) > E(x∗) = µ.

In the control treatment subjects only take one unbiased choice x∗. Subjects receive a signal m and

choose x∗ = m. It immediately follows that:

E(x∗2) > E(x∗) = µ

In the main treatment, subjects face a trade-off between acting consistently with their biased prior

statement and acting according to their unbiased beliefs about their true preferences. Subjects solve

this trade-off by choosing an actual donation level in between their biased statement and their unbiased

beliefs. In the control treatment, subjects don’t face such a trade-off and will simply choose according to

11The model does not explain why people may give biased responses in the form of x∗1 6= µ̂1, it has to assume them.

Possible reasons discussed in the literature are biases due to bounded rationality such as gambler’s fallacy, base rate neglect,

or hot hand fallacy (see for example Tversky and Kahneman, 1971, Grether, 1980, Charness and Levin, 2005 or Dohmen et

al., 2009) or the signaling of pro-social or other motives that do not necessarily correspond to true underlying preferences

(see for example Bénabou and Tirole, 2006).
12If subjects would use a biased belief this would contribute to an additional bias in subjects’ period 2 choice. Thus, if

subjects are unaware of the bias the treatment effect would become even larger.
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their unbiased beliefs. Therefore, actual donations in the main treatment should be higher or lower than

donations in the control treatment, depending on the respective bias. We summarize this prediction as

follows:

Hypothesis 3 Subjects’ actual donation decision in the main treatment will be biased in the direction

of their hypothetical statement. As a consequence, they will donate more or less in the main than in the

control treatment, depending on the direction of the bias.

Results: In a first step we check whether subjects gave a biased hypothetical statement about their

willingness to donate. To do so we compare hypothetical donations in the main treatment with actual

donations in the control treatment. It turns out there is a striking bias: While average hypothetical

donations are 4.27 Euro actual donations in the control treatment are 7.63 Euro. Thus actual donations

in the control treatment are almost 80 percent higher (!) than hypothetical donations. This difference is

statistically significant at any conventional level (p-value < 0.001, Wilcoxon rank-sum test). The sign of

the bias is quite surprising and, at least to us, unexpected. A possible explanation is that in the actual

donation decision we presented a list of eight charitable organizations, which may have made donations

more concrete and credible, triggering a higher willingness to donate. In the hypothetical question we

mentioned a list of possible charities but did not explicitly mention which ones.

Regardless of the sign of the bias, the interesting question is whether the bias carries over to the

actual donation decision in the main treatment. Given that the bias is negative, the model predicts

lower donations in the main compared to the control treatment. This is in fact the case. Figure 7

shows a histogram of actual donations in both treatment conditions. 38 percent of donations in the

main treatment are 3 Euro or lower, the corresponding fraction in the control treatment is only about

13 percent. Likewise the fraction of donations higher or equal 12 Euro is more than twice as high in the

control compared to the main treatment. On average subjects donate 5.38 Euro in the main and 7.63

Euro in the control treatment, i.e., donations are about 42 percent lower in the main than the control

condition. This difference is statistically significant using either a Wilcoxon rank-sum test (p-value <

0.03) or simple OLS regression, regressing donations on a constant and a treatment dummy (p-value

< 0.02)). Suggestive evidence for the importance of the consistency bias comes from the scatterplot

shown in Figure 8. It shows that many subjects donated exactly the same amount as previously stated.

The correlation coefficient between hypothetical and actual donations is 0.77 (p-value < 0.001). Those

subjects who deviated typically increased their donation in line with the model’s prediction. As a result,

actual donations are 1.11 Euro higher than hypothetical donations. We summarize our results as follows:

Result 3 Subjects’ donations are influenced by a biased hypothetical first statement. The bias is

negative, resulting in lower donations in the main treatment compared to the control treatment.

4 Concluding Remarks

We presented a model that conceptualizes the preference for consistency and allows the analysis of how

it affects economic behavior. In the model, people have a preference for consistency, because consistent

behavior allows them to signal personal and intellectual strength. We conducted three simple experiments
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to test main predictions and implications of our model. In the context of an estimation task, the first

experiment shows that consistent behavior is viewed positively as a signal of ability. Agents anticipate

this and estimate much more consistently compared to a control treatment without principals, i.e., in

a situation where signaling ability has no strategic value. The second experiment shows that explicit

commitment is a cornerstone in explaining preferences for consistency as commitment is a prerequisite for

detecting inconsistencies. In the experiment such a commitment leads to a neglect of valuable information.

The third experiment demonstrates the effectiveness of the preference of consistency as a means of social

influence.

In our model we highlight the role of signaling positive traits as a key driver of consistent behavior.

Other motives that have been discussed in the literature are reduction of cognitive dissonance and costs

of thinking (see Cialdini, 1984). The latter would explain why we apply heuristics or routines in contexts

where we face similar decisions over time. In terms of modeling it would imply some fixed cost of thinking

or reflection, which would lead to similar behaviors in similar contexts, unless expected costs of consistent

behavior become excessively large. Cognitive dissonance reduction as a driver of consistent behavior has

been modeled, e.g., by Eyster, 2002 and Yariv, 2005. In Eyster, 2002 people try to rationalize past

mistakes by taking current actions that justify these mistakes, thereby reducing cognitive dissonances.

Yariv, 2005 proposes a model where people reduce cognitive dissonance by sticking to beliefs under which

past choices were opitimal. Most likely all three motives are important and often act in concert. The

most important difference between a signaling story and fixed costs or cognitive dissonance concerns

the role of third parties. We believe that the presence of observers creates a particular strong desire

to appear consistent. Moreover, our first experiment demonstrates that cognitive dissonance or cost of

thinking alone are not sufficient to understand consistent behavior. While we cannot rule out that these

two motives play a role as well, they cannot explain observed treatment differences. This follows simply

from the fact that both motives can be relevant in both treatments.

Notice that we consider situations where decision-makers face the same choice problems repeatedly and

where the preferred outcome, µ, remains constant over time. In this situation, personal and intellectual

strength is reflected by consistent behavior. A good example is decision making related to personality or

identity. The latter is not constantly changing but remains relatively stable over long periods of time.

Therefore, a person signals a strong personality by acting consistently. In changing environments where

the preferred outcome changes, however, personal and intellectual strength could mean to adjust quickly

to new environments. In fact sticking to previous points of view would be considered as rigid or even

stupid. For example, if subjects in our first or second experiment would have been told that the number of

letters or peas, respectively, is (very) different between the two estimations, choosing identical estimates

would not signal high ability but the opposite. Put differently, if the circumstances that lead to a first

decision have clearly changed before taking a second decision, it is not a sign of strength to stick to the

first period’s decision. In such a case decision-makers will, due to reasons of consistency, make sure that

the public knows that circumstances have in fact changed. This explains why decision-makers (such as

politicians) exert much effort to explain the reasons for why they have changed their mind and why acting

differently should not be interpreted as inconsistent behavior.

Our results have interesting policy implications. We demonstrated that the preference for consistency

can be a powerful channel of social influence. Using this channel, policy-makers can trigger certain desired

behaviors, for example cooperativeness or law compliance. Take donations to help disaster victims. A
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fundraising strategy could be to tempt people in a first step to commit to a statement like ‘ believe

supporting these victims is of great importance”. In a second step these people are confronted with an

actual donation request. Clearly the direction of influence is not necessarily for good. The preference

for consistency might for example also be (and is probably) used by salespersons or marketing experts

to lure consumers into purchasing goods they normally would not buy. This points to an additional

policy implication, namely consumer protection. Consumers should be protected from purchases under

consistency pressure. A possible way to go could be to guarantee by law sufficient time to withdraw from

closed sales contracts. This would allow consumers to undo bad consumption choices they later regret.

In many countries such laws already exist (at least for certain types of contracts) and our results offer

additional justification for that.

The way consistency preferences affect behavior can also be informative for the design of committee

procedures and negotiation rules. We have seen that early commitments to a certain belief or opinion

can make people disregard valuable information. Therefore, procedures that force committee members

to state their opinions on a matter at an early stage risk that these members later on partially neg-

lect new information, in particular if it contradicts their earlier statements. In negotiation contexts,

statements of requests at an early point of negotiations can increase the likelihood of negotiation failure

because negotiation outcomes below these requests cannot be reached without one party revealing some

inconsistency.

We also want to point out the potential role of preferences for consistency in circumventing self-

control problems. Consider smoking: A public announcement ”I will stop smoking!” creates a huge

pressure to live up to that announcement. Continuing to smoke is only possible at the cost of revealing

some inconsistency, thereby signalling low personal strength. Thus, explicit public commitments can be

very effective in solving problems of self-control. In fact, one reason for the effectiveness of self-help

groups could be that they force their members to make public announcements.

As a last point we want to stress consequences of our results for experimental and survey methodology.

Our study suggests that there are potentially large interdependencies between behavior in different exper-

iments conducted in one session, between experimental behavior and questionnaire answers or between

different survey answers. Depending on the context of the experiment or the survey study, the preference

for consistency introduces a bias in behavior that potentially confounds results. This should be kept in

mind when designing experimental and survey studies. As a conclusion from our results, variables of

major interest should always be ellicited first to avoid consistency bias.
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6 Figures
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7 Appendix A

Text1:
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Text2:
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Picture of bowl with peas:
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